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from benchpots.datasets import preprocess_physionet2012

data = preprocess_physionet2012(subset=’set-a’,rate=0.1)
train_set = {"X": data["train_X"], "y": datal["train_y"]}
val_set = {"X": datal["val_X"], "y": datal["val_y"]}

test_set, test_labels = {"X": data["test_X"]}, datal["test_y"]

from pypots.classification import BRITS
from pypots.nn.functional import calc_binary_classification_metrics
model = BRITS(n_steps=datal"n_steps"],
n_features=data["n_features"],
n_classes=data["n_classes"],
rnn_hidden_size=256,
epochs=5)

model .fit(train_set, val_set)

preds = model.classify(test_set)

metrics = calc_binary_classification_metrics(preds, test_labels)
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