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Emotion Feature Correlation coefficient Relevance P-value Confidence level
Valence  Key +0.0123 Weak positive 6.594e-01 p > 0.05 insignificant
Valence Mode +0.3850 Positive 2.018e-46 p < 0.05 significant
Valence  Tempo +0.0621 Weak positive 2.645e-02 p < 0.05 significant
Valence  Direction +0.0010 Weak positive 9.709e-01 p > 0.05 insignificant
Valence  Avg pitch (guides octave control) +0.0102 Weak positive 7.161e-01 p > 0.05 insignificant
Valence  Pitch range -0.0771 Weak negative 5.794e-03 p < 0.05 significant
Valence  PitchSD -0.0676 Weak negative 1.568e-02 p < 0.05 significant
Valence ~RMS (guides volume control) +0.1174 Weak positive 2.597e-05 p < 0.05 significant
Arousal  Key -0.0007 Weak negative 9.809e-01 p > 0.05 insignificant
Arousal  Mode -0.0962 Weak negative 5.748e-04 p < 0.05 significant
Arousal  Tempo +0.1579 Weak positive 1.382¢-08 p < 0.05 significant
Arousal  Direction -0.0958 Weak negative 6.013e-04 p < 0.05 significant
Arousal  Avg pitch (guides octave control) -0.1818 Weak negative 5.919e-11 p < 0.05 significant
Arousal Pitch range +0.3276 Positive 2.324e-33 p < 0.05 significant
Arousal PitchSD +0.3523 Positive 1.179e-38 p < 0.05 significant
Arousal RMS (guides volume control) +0.3800 Positive 3.558e-45 p < 0.05 significant
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