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4 8,192 1,000 ReLU fully connected
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TABLE II: IR 2 il

heating power | plain seaweed corn sausage total
180°C 5/5 4/5 4/5 4/5 17/20
(push out) | (block) | (block)
190°C 5/5 4/5 5/5 5/5 19/20
(push out)
total 10/10 8/10 9/10 9/10 36/40
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TABLE IV: (IR NG A T2 I EE i iih

heating HLET fil il G5 il total
power say source | red food coloring | bamboo shoots cheese minced meat | spinach
180°C 5/5 4/5 3/5 4/5 3/5 4/5 23/30
(block) (blocks) (block) (blocks) (block)
190°C 4/5 5/5 4/5 2/5 5/5 4/5 24/30
(block) (burn) (push out, block, burn) (block)
total 9/10 9/10 7/10 6/10 8/10 8/10 47/60
18/20 13/20 16/20
O KM H
19.6 sec 26.4 sec 97.6 sec 144.0 sec 166.0 sec
Initial pose (49th time step) (66th time step)  (244th time step)  (360th time step)  (415th time step)
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