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Furthermore, in non-metastatic castration-
resistant prostate cancer (M0 CRPC), two
second-generation anti-androgens,
apalutamide and enzalutamide, when used in
combination with ADT, have demonstrated a
significant benefit in metastasis-free survival.

Rel0: {combination: (apalutamide, ADT),
label: Positive}

Rel1: {combination: (enzalutamide, ADT),
label: Positive}
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Find all drug combinations present in the
following passage:

_TS —>

Furthermore, in non-metastatic...in metastasis-
free survival.

Apalutamide and ADT form a positive

—Tt—> combination; enzalutamide and ADT form a

positive combination.
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ChemProt I, Ff1Ay45 R hicied% 5T SOTA, —
MAFHER L2, HA7E CDR fr, BioGPT (3£
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ZRgnin AR MRS AR S A) W SRR 2RI,
Z/0%E RE Jri@antt. X454 5¢ i A
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CDR NI ChemProt DDI
Model # Par. 16 64  Full 16 64 Full Full  Full
GPT-2-Medium 350M - - 16.3 - - 0.2 147 14.2
BioGPTP 350M - - 444 - - 07 9.7 174
GPT-2-XL 1.5B - - 16.1 - - 0 149 243
BioGPT-Large® 1.5B - - 156 - - 1.2 111 214
GPT-Neo-2.7B 2.7B - - 10.0 - - 1.5 11.7 24.0
BioMedLMP 2.7B - - 7.9 - - 119 17.1 19.1
BART-Base 110M 176 274 36.1 89 30.6 385 11.3 124
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