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% 2. EVRAHANRINAE M E .

Benchmark Domain Exams Task Size

OAB-2023 Legal 3 Multiple-choice (4) 240
OAB-2024 Legal 3 Multiple-choice (4) 238

ENAM-2024 Legal 2 Multiple-choice (5) 160

4.2 fj% o i A

AR [22] TR —Fh ARy po D T S B T A o R i
Jei, FESSERAEINA LS TIERE PR o X LRRER T AR MR
PSR R TR 5 O e T ML, @A E— AR N B E st
It & FEXE T — BN R g

N T RS AN FRE, FATE S TR Jurn B T B VYA RO
A2 TV AR 55 R R B, T 2 B e ) b i s A
i, It 2,123 ),

A 3. A F A R

Benchmark Domain Exams Task Size

ENEM-2024 General 1 Multiple-choice (5) 179
BLUEX-2024 General 2 Multiple-choice (5) 172
CPNU-2024 General 7 Multiple-choice (5) 320
BNDES-2024 General 12 Multiple-choice (5) 420
REVALIDA-2024 Medical 2 Multiple-choice (4) 187
MREX-2024 Medical 6  Multiple-choice (4) 452
CFCEQ-2024 Accounting 12  Multiple-choice (5) 294

CFCES-2024 Accounting 2  Multiple-choice (4) 99
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Benchmark Domain Exams Task Size

MMLU-College  General 6  Multiple-choice (4) 719

MMLU-High School General 14  Multiple-choice (4) 3,650
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# 5. Mistral-7B 5 Juru 7B PEAHAREAEN AT LR

TS
Benchmark Mistral-7B  Juru
0OAB-2023 48.3% 54.5%
OAB-2024 49.6% 52.0%
ENAM-2024 31.2% 36.8%

Mean (8 Exams) 44.5% 49.2%

# 6. Mistral-7B 5 Juru fES& 0 AR EEME D AT ELRL

HERAPE
Benchmark Mistral-7B  Juru
MMLU-College 54.2% 49.4%

MMLU-High School 64.8% 61.6%

Mean (20 Exams) 61.6% 58.0%

KRR T Juru F1 Mistral-7B 7£ BNDES-2024 e filiteg 13 42140
SRR, SRS, Jurn 78 13 RF AT 8 RN REIAL.
ORI RBE I BIAE 1T SCR T, WM TR 11.4%. M2 R, Juru 78 IT
W28 4 BBl R 2 T ER R 5 Mistral-7B AW, JFAE@ 5
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W E FRREE TGRS, — ORI R B I TR .

5.2 R
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B PR A ) Ll AL (455 Mistral-7TB A EE, AR PUIAFR I
HERRAE R T 4.7%, RAEIISEIREMNRN, 00F L9 AZAME—rid.
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