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Text :given is a plant at 200 hours. What would the plant look like at 208 hours?

DetJac \ \
of IGG 1

Template

Dynami
Crafter

Image of a 70 years old male who is cognitively normal. How will it be at the age of 77 years?

| — - |
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# 1. AR EIrA TR RE SR AR X L .

Dataset Model FVD|FID] KID| SSIM + IS 1
IGG 48.29 9.23 0.007 +0.02 0.98 £ 0.02 1.06 £ 1.2%
Pl VDM [16] 357.56 71.79 0.23+£0.03 0.23+0.10 1.05+1.0%
an

CogVideoX [46] 471.49 153.93 0.63+£0.07 0.69+0.19 1.05+0.6%
DynamiCrafter [44] 466.70 80.78 0.41+0.04 0.89+0.04 1.03+0.3%

IGG 26.39 6.23 0.006 + 0.008 0.97 + 0.03 1.02 + 0.08%

VDM [16] 247.84 69.23 0.46+0.03 0.89+£0.02 1.02+0.07%
CogVideoX [46] 302.20 114.50 0.46 £0.04 0.69 £0.27 1.06 + 2.8%
DynamiCrafter [44] 288.62 142.40 1.05+0.03 0.884+0.03 1.03 £0.20%

Brain

Template Text Instrcution
given is a plant UB
at 164 hours.
What would the
plant look like 1.0
at 172 hours? LB m

Q

Image of a 72 years
old female who is
cognitively normal.
How will it be at the
age of 83 years?
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