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Speaking Style Label :
(e.g.. joy) -

i | |Read out ip
] - Speech 0
Manuscript with {Label} style Guesswhat!
Guess what! Il have the afternoon(i=
I have the afternoon off today!
d off today!
Session 1
Direction 1

Act as a sound director.

|
Direct to the narrator — .
"] | bitand add more

¢
Raise your energy a

reading | ' brightness to your
with {Label} style to H . y
refine the performance. R volee....
Follow several condition [ e e e
1 |Session 2|
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7 : Direction 2 :

1 ] )] 1

b | Add some Speech 1 . | !

\ 4 i Guess what! i
: @of your sentences. .. I have the afternoon| a '

@ i off today! !

______________________

intonation to the end|
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Example

Style Label Resignedly

Manuscript I don’t have time, okay? It’s not like I wanted
this either...

Direction 1 Say it in a more restrained tone, with a sigh
mixed in. Keep the delivery flat and steady,
with little variation in strength.

Direction 2 Let’s try speaking so that your intonation
gently falls at the end without sharp breaks,
letting your words flow smoothly. Keep a
slightly laid-back tone in mind.

Direction 3 Place just a slight pause between words,
and speak in a tone that conveys resignation
rather than urgency; overall, keep your pitch

low.
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Foik K,) 4o 5 AT AT 6.

Conditions B o2 o3
A Output A Output A Output
Speech Prompt Direction 1 Speech 1  Speech Prompt Direction 2 Speech 2 Speech Prompt Direction 3 Speech 3
Identical Recorded-0 - Hil]-0 Recorded-0 - #IF]-0 Recorded-0 - #IF]-0
Actor-Guided (oracle)  Recorded-1 Guided-1 ~ Recorded-2 Guided-2  Recorded-3 Guided-3
Single-shot (ours) Recorded-0 v Single-1 Recorded-1 v Single-2 Recorded-2 v Single-3
Iterative (ours) Recorded-0 v # K1 # X1 v #*K-2 #AK-2 v #*K-3
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A = BAR R 2 A RSB . A8 R 2k (i i T
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BB T7 ) RBAE 32 B sk 5 AR B IR e, PR R
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WAL 82 45 5 FHTE— D AR5 1 it
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£ 3 R AFEEIRT F 4.2 40 4.9 AR

HiE

FE Identical Actor-guided Single-shot Iterative
R AL - - v v
Session 1 Ref. Speech  Hi[i]-0 HIF]-0 HIF]-0 HIF]-0

W k-0 Guided-1 Single-1 % X1

Session 2 Ref. Speech  H#i[]-0 Guided-1 Guided-1 % R-1
WiEYE MI-0 | Guided-2 Single-2  # K2
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=== |dentical
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(a) Comparison by direction-cycle (b) Comparison by style group
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RIS XA K R 1 T 1) -5 45 W AR 7 1) AN 5 4

Matched o
Random (Similar)  * significant (p<0.05)
Random (Dissimilar)
Fear ]*]*
Joy }J*
Anger ]*
Sadness ]*]*
Surprise ]*]*
]
Overall }J*
]

-3 -2 -1 0 +1 +2 +3
Style refinement accuracy
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FATRAMH SRR (10 EEAAR, 5:
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U Sect. 2.1 WA, FATHIEIRAE A & LT
BT SRR TTS J7 i AR AL & HXE D5 17
FATAN X ARRE T Sect. 4.2 iy B A7 BoH xR
RAYIE s RIEAEARRANEE T, BUMRIREE =
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=== Single-shot (ours)
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———3 16

1 95% confidence interval
n.s. not significant (p>0.05)

Direction
-cycle
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1 329
Il — )

Actor-Guided
oracle)

3 3820
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E g 2 mmEmEEE 323 Sadness ==——————==-321 }ns.

o O

2= 3 19 J
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22 3 315 Overall ==—=—=————=324 [ ns.
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1 2 3 4 5 1 2 3 4 5
Naturalness score Naturalness score
(a) Comparison by direction-cycle (b) Comparison by style group

B 6: TAIFE G REER. RMTE 4, (o) 3
B 7 ik 7 v - B e kst . (b) Jem T ANFR
HIFAE AR P A Rk Ao AR R, TEL
FERMLE 55

ity (Actor-5| -84 (TRZ HL)),

A BT LG TP AR R AR AR = AR
B, XEORBE B EEGE (S0 4.2797). &
3 3 A I A v ) B AR 9 SR S TR Ay
AR AR R %

5.1. KRB

ABRSE T2 B P o R PR R AT KUARAS
Mo BRI, FATEKI—LIRm B, Feil @I58
MREIR G, AL EA I B — T i SR AR TTS
AGEIMES . BAORE, FLRBIES T H
SE RS E R BT R AL (B, “EIFLY, “AE
LR A X g w7 MRS . T
4 SR AL AN BE AR B T N AR E B R BB
A IR ATTAY 7 VA AR AEE SRS Mok S WX £ 4
Lo A BN RTT SR AR Z T,
41 NaturalSpeech 3 [43] 5 VALL-E [44] {4 TTS
P

5.2. il E MR

TG MATEI IR0, SR AT F R B AR
HE F b, SRR T SR Y
WY (I, “BRAERPIR” A1 A i o] JA—A
FERT RS ) o SR, FRAT 4 TR AL TR
S R I R R F R B . TSI Rh S

4 RAXRHmTE Y, LA =R A=
HARY T ARLEX (FA189). T XIZ%ay R
AR AT L7 B2 o L RS
HEMBW. 2>&ka% 427,

Score Direction (Translated from Japanese)

4.67 Try speaking bit faster overall. Especially in
5234y, picking up the pace slightly will
help emphasize the joy of discovery

4.22 TEATIESL, try B Y O, as if you're
slightly out of breath. This will help con-

vey a sense of excitement.

4.20 Slow down the speaking pace a little, and try
to let the sound fade out fE45 AL, as if it’s
gently disappearing.

2.30 BREMEWg slightly 745 AL, as if swallowing

your words. Make it sound more desperate

and urgent.

2.30 Lower your tone fE%5EAL and let your voice

fade out weakly. This will create a worn-out

impression.

2.08 Extend the
add a gentle, inviting
AT KBS ZBE” BT, speak softly

as if warmly encouraging the listener.

ending slightly to

nuance.

AMUHFEARITEFRE, R EMAES Tk
EEFEE. —MEFENIRER LLM 55
F BB AFA TSR BT

5.3. MG Bt

AP R BAR I S . BT RN
TR A, X— @G, KM, M
FAX AT AT BE TC T 58 A HE B 40 i KUk
Ze5t, PIILES 42 g 7515 () KMHT
R AT REAR A B2 AT DAFRAR Y . ReIT i SCFRE IR
B /A U 55 LT I 25 AH (R VA M. TR
WF5T— L RES TR RGN 2E 77 25 S5 DATEAY 5 SO R
N [45,46] B L. R, FEE-SIRER
SISO A 3& AL R R AT LA
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ARSCHEH TP TTS RGN, AT AR

P S A R S . EE R
AT AT RSB TR BT A R
AR ARSI . BEAh, LA S8 3B g it
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