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TABLE 1

WHFE (%) 8 LiBERO T4 RRGRIL. FRICH RIBIRISERIE [20],

1 T FH
Model Z3[H] ROF S H s K ST S
Original  Novel  Original Novel Original Novel Original Novel Original Novel
Diffusion Policy* [13] 78.3 - 92.5 - 68.3 - 50.5 - 72.4 -
Octo* [16] 78.9 - 85.7 - 84.6 - 51.1 - 75.1 -
OpenVLA-OFT [20] 98.0 90.0 98.0 15.7 98.0 81.7 91.0 13.7 96.3 50.2
BAKU [1] 94.0 18.0 100.0 49.3 96.0 80.7 87.0 3.7 94.2 37.9
VQ-BeT [38] 94.0 41.3 100.0 38.3 98.0 83.0 93.0 3.0 96.3 41.4
GeoAware BAKU (&A1) 95.0 94.3 98.0 98.0 98.0 90.7 89.9 47.3 95.2 82.6
GeoAware VQ-BeT (&A1) 95. 54.3 100.0 99.0 99.0 85.7 93.0 72.7 96.8 77.9
100.0 100.0 100.0 100.0
90.0 90.0 90.0 90.0 90.0 90.0 90.0
84.0 86.0
80.0 80.0 80.0 80.0
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TABLE II

Bl N LiBERO T4EMINER (%)

Model Small Medium Large Average
OpenVLA-OFT [20] 59.3 47 44.5 50.2
BAKU [1] 41.5 31.5 40.8 37.9
VQ-BeT [38] 44.0 43.8 36.5 414
GeoAware BAKU 86.0

GeoAware VQ-BeT 88.0 .
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TABLE III
#%f GEOAWARE VQ-BET 7£ LIBERO-LonG T4 F#4Ti VGGT 2
PEREHRETE . R T E A B A IR E (%).

Model Seen Novel

OpenVLA-OFT [20] 93.0 13.7
GeoAware VQ-BeT (All Layers) 90.0 74.3
GeoAware VQ-BeT (4 Evenly Spaced - Default) 93.0 72.7
GeoAware VQ-BeT (Last 4 Layers) 60.0 34.3
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