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3 CHATE S (R BEE _F ) T T SOk R

UL Kpti

%L _ta thematic analysis; qualitative thematic analysis; theme analysis; the-
matic coding; theme coding; identify themes; theme identification;
Braun and Clarke; Braun & Clarke; six-phase framework; six phase
framework

74 A inductive thematic analysis; data-driven thematic analysis; bottom-up
thematic analysis; open coding (qualitative)

EZE _ta deductive thematic analysis; theory-driven thematic analysis; top-
down thematic analysis; a priori codes

i A 11m LLM; large language model; transformer-based model; foundation
model; prompting; chain-of-thought; self-reflection (LLM); RAG;
few-shot; zero-shot

g7 T A 1R clinical interview; patient interview; healthcare; medicine; clinical

transcript; medical transcript; qualitative health research; nursing
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B B A LA

FATTFE LLMs [ & fad B i e 7 DA SRR SR, A SCHRZah rh o il il skt T
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