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Kgen, Kopt, Krep Z>1: Number of propagation paths in each scenario.
C

Z>1: Number of ASV array microphones.

So(f) C : Source speech spectrum.
0y R?: Source or loudspeaker radiation direction for path k.
o R?: Arrival direction to the microphones for path .
S(f,0r) CE*! :Talker directivity for path k, k =1,..., Kgen or Kgpf.
H,fg“‘)(f) CE*t: Acoustic transfer function of path k to ASV array.
Masv(f, 4)%”")) C*1: ASV array directional response for path k.
”f:pr) f) C: Acoustic transfer function of path k to spoofing microphone.
Meps(f, d)fpf)) C: Spoofing microphone directional response for path k.
L(f,6r) C*!: Loudspeaker directivity for replay path k, k= 1,..., Kyep.
Hﬁ”‘”(f) CY*!: Acoustic transfer function of path k from loudspeaker to ASV array.
Masv(f, d0 ") CO*': ASV array directional response for replay path k.
Xeen(f) CO*': Multichannel signal recorded by ASV array during genuine scenario.
Yepe(f) C: Single-channel recording by spoofing microphone.
Xeep(f) C*': Multichannel replayed signal captured by ASV array.
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VHIE S T H
Room width, height, and length U[3.0,6.0] m
# of materials (wall, floor, ceiling) 13,7,8
Absorption coefficients U[0.1,0.6]
SNR U[-10,40] dB
WS LR IRAT
[|lpak — pasvl| >1m
|[Ptic — Pspe]| <lm
[[Pspk — Pasv|] >1m
Source-to-surface distance >1m
S(f,0k) Cardioid
RS S5 fii
Number of microphones C' 2
Sampling frequency fs 48 kHz
Spacing distance d 50 mm
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