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THGCL (Ours) 57.4 0.948 4.8
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VAED »* 51.6 0.919 2.1
PaSST-S 49.0 0.900 87.0
ASIT [31) 48.5 85.0
Audio-MAE (local) 48.2 - 86.0
ATST-clip [52] 478 86.0
MaskSpec 47.3 - 86.0
LHGNN * [33] 46.6 31.0
Conformer-based [34] 44.4 - 88.0
HGCN % 44.2 0.885 424
‘Wave-Logmel 44.1 - 81.0
AST 44.0 88.0
SSL graph * 43.9 - 0.2
‘Wav2vec2-audio 42.6 0.880 94.9
VATT 39.7 - 87.0
ResNet-1D-both 38.0 0.891 81.2
ConvNeXt-femto [35] 37.9 - 5.0
R(2+1)D-video 36.0 0.810 334
ResNet-1D-audio 35.9 0.900 40.4
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