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Total # of aligned articles 14 14 73,085 73,085 15,000 15,000
Total # of sentences 401 358 1,888,323 1,608,497 357,071 327,628
Total # of tokens 9,087 9,690 43,559,153 43,256,366 8,378,874 8,956,116
Total # of characters 38,523 38,519 189,598,932 174,789,207 36,924,383 36,387,070
Avg. title length in characters 59 54 51 53 51 54
Avg. title length in tokens 18 18 15 17 15 17
Avg. lead length in characters 146 155 152 146 152 150
Avg. lead length in tokens 39 43 39 40 38 41
Avg. content length in characters 2,547 2,542 2,391 2,192 2,258 2,222
Avg. content length in tokens 706 753 650 649 612 655
Avg. content length in sentences 29 26 26 22 24 22
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