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Technology

Split federated fine-tuning framework

Looped architecture based parallel pre-training framework

Advantages

Free from full deployment of LAM
Privacy-preserving training
Enhanced training efficiency by matching edge

resource with decomposed calculation tasks

Enhanced resource utilization and scalability

Collaborative , _ o
. . Alternating convergence analysis for key communication and
Training .
computation parameters
Rényi differential privacy based privacy protection
Microservice enabled multi-modal LAM inference framework
Microservice- Diffusion based deployment strategy

Enabled Inference

Lyapunov based long-term optimization

Edge LAM

Spatial, temporal, and frequency integrated autoencoder

.. . Federated fine-tuning framework
Air-interface Design

Post-processing module for domain-specific constraints

End-to-end design with bypassing explicit channel estimation
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Adversarial reinforcement learning based orchestration policy

GNN based encoder for non-Euclidean data extraction

Low-complexity and near-optimal deployment
Uncertainty-aware system utility maximization

Budget-aware migration cost minimization

Contextual generalization for dynamic wireless
environments

Incorporation of spatial, temporal, and frequency
knowledge

Topology-aware and scalable design
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