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Single Context
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Accuracy  F1

Precision Recall

Quotient Detections 0.821 0.840 0.764 0.932
Bespoke Minicheck 7B 0.808 0.832 0.744 0.944
Patronus Lynx 8B 0.808 0.828 0.754 0.919
Ragas Faithfulness 0.787 0.818 0.719 0.950
Azure Groundedness* 0.784 0.788 0.781 0.795
Vectara HHEM-2.1-Open 0.749 0.771 0.715 0.836
Vertex Al Grounding 0.727 0.772 0.668 0.915
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Quotient Bespoke Patronus Ragas Azure Vectara Vertex Al
Data Type Data Source Detections Minicheck 7B Lynx 8B  Faithfulness Groundedness' HHEM-2.1-Open Grounding
aul23/snli-hard 0.856 0.921 0.686 0.813 0.878 0.789 0.694
nyu-mll/glue/mnli 0.847 0.847 0.662 0.759 0.912 0.802 0.751
nyu-mll/glue/rte 0.900 0.966 0.746 0.870 0.852 0.678 0.818
HORES MR nyu-mll/glue/wnli 0.850 0.902 0.758 0.766 0.568 0.488 0.502
sentence-transformers/all-nli 0.901 0.908 0.673 0.821 0.936 0.821 0.755
stanfordnlp/snli 0.885 0.880 0.699 0.858 0.869 0.833 0.749
PubMedQA 0.624 0.572 0.928 0.586 0.596 0.670 0.542
databricks-dolly-15k 0.880 0.766 0.826 0.848 0.842 0.864 0.855
EE RS DROP 0.806 0.766 0.878 0.736 0.708 0.478 0.586
narrativeqa 0.886 0.858 0.916 0.864 0.748 0.832 0.758
squad_v2 0.920 0.912 0.890 0.892 0.912 0.818 0.890
sentence-transformers/altlex 0.883 0.838 0.730 0.820 0.932 0.865 0.869
arxiv_summarization 0.614 0.591 0.926 0.702 0.568 0.926 0.633
i cnn_dailymail 0.753 0.813 0.822 0.808 0.817 0.881 0.936
dialogsum 0.876 0.814 0.814 0.850 0.920 0.690 0.606
govreport_summarization 0.597 0.509 0.943 0.703 0.500 0.915 0.882
pubmed_summarization 0.629 0.582 0.911 0.695 0.615 0.892 0.803
xsum 0.715 0.720 0.725 0.617 0.798 0.606 0.601
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Performance on Full Benchmark
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Performance by Average Document Length
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Performance by Answer Length
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2% 5: An example of a hallucinated datapoint in the HalluMix Benchmark.
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% 6: An example of a faithful datapoint in the HalluMix Benchmark.
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