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Conventional Approach

STEP 1: Data Extraction STEP 2: Data Retrieval

Manual Extraction Manual Retrieval
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o LLMs extract financial KPIs from real-time unstructured data — post-processed, audited via MLflow — stored in Delta Lake.
Extraction Agent

2. Extract Key Metrics 3. Post-Processing & Auditing

1. Reaktime Unstructured Data 00 LLamA zgxaimc 09 LLaMA ng‘uac
37 Sonn 3.7 Sonnet

Mosaic Al Mosaic Al

Workflow Jobs

EO@: — M — M+ T T T
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SQL Warehouse
7. Generate text-to-SQL query with Metadata _Q
OQLaMA  Claude Metadata
6. Input Query o 8. Retrieve Structured Data

4. Extract Structured Data

u walog  Medallion Architecture
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A LOBREE (FRICEE S SOR S SQL AREE) fEARIACE Fibbdk

Config. Extraction F1 Query Accuracy Unit Error Rate Throughput Gain
GPT-40 (naive 72.4% 81.3% 18.5% 1.0x
zero-shot)

Claude-3.7-Sonnet 84.7% 89.6% 7.2% 1.5x
(domain prompt)

Claude-3.7-Sonnet 91.2% 94.8% 2.3% 2.4x

+ Rule Injection

20 M ARRERI I : S UICAL

J i
Metric Precision 95.3%

Structuring Accuracy  91.6%
Unit Error Rate 2.3%
QA Match Rate 92.3%

Schema Compliance  100.0%

A 3 ARACPRYERE: SCOARE] SOL URE

Vi fii

Intent Classification Accuracy 95.6%
SQL Syntax Validity 98.2%
Semantic Constraint Pass Rate 91.3%
Execution Success Rate 96.4%

Top-1 SQL Accuracy (Human Eval) 91.2%

Explanation Relevance 90.5%
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4 BORTRIEE:: TR SR

Zero-Shot Prompt

Domain-Aware Prompt

Prompt
Extract key financial
figures from the text

below.

Text

In Q1 2024, revenue grew
12% YoY to $4.3 billion,
beating consensus by
$150 million.

Output (Expected)

{ Revenue: "4.3B",
Growth: "12%", Period:
"Q1 2024" }

Notes
Lacks structure; prone to
inconsistent formatting

and unit mismatches.

Prompt

Extract financial KPIs
from the earnings text
using the schema below.
Qutput in JSON.
Normalize units and link
metrics to fiscal

periods.

Text

Same as left. Schema
includes Period, Revenue
(B), Revenue_YoY_Growth,

and Consensus_Delta (M).

Output (Expected)

{ "Period": "Q1 2024",
"Revenue": {value: 4.3,
unit: "B"3},
"Revenue_YoY_Growth":
"12%",
"Consensus_Delta":
{value: 150, unit: "M"}
}

Notes

Improves consistency,
reduces hallucinations,
enables downstream
parsing and SQL

conversion.

s Ar REFHARS (CREek

Z%AR)

R

SEHOATN SCA S B B BT A W 55 4508
H- LA JSON M LML 2GR [ E AT

Bl A SO :

Choi et al.
3 50 TgRses . B AT L 55 Uk

JiE i AR TR SRR
Extraction

91.2% 82.6% -8.6%
Precision
Unit Error

2.3% 12.9% +10.6%
Rate
Period

3.1% 15.4% +12.3%
Misalignment Rate
QA Match

90.4% 78.7% -11.7%
Accuracy
SQL Validit

Q Y 94.8% 86.0% -8.8%

Pass Rate

2024 AE 55 DU ZEFEAGED I AIE 32 14.6%,
HCEAE 14.4%G FF EFF. AR T
15.2%, K% 25.2 122570, A TEWHHE
2025 WHAF PVEDLFE AL 15 — 17%

Z I,

j‘iﬁ%‘%ﬂﬁﬁm: “‘jSOn » %jk%uﬂ‘ﬂ%” ”14.6%”, »

N 725.2 2387
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