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Label Description + Example

Data Control  Concerns about consent, third-party access, or control over
personal data. “It’ s great the app lets me review and delete
my medical records whenever I want.”

Data Quality  Issues with incorrect, outdated, or incomplete health data.
“The app is showing someone else’ s health record!”

Reliability App crashes, login failures, or inconsistent functionality. “I

can’ tlogin! Every time I enter my username and password

it just loads and loads.”

Support User experience with help services or communication.

“Customer support responded to my query within a few

hours and helped me resolve my issue.”

Risk Worries about security, breaches, or misuse of data. “I’
m worried about how the app stores my personal health
records.”

Competence  Perceptions of provider professionalism and care quality.

“I received tailored advice based on my health data and it

helped me manage my condition better.”

Ethicality Judgments of provider fairness, transparency, or respon-

sibility. “I love that the app asks for my consent before

collecting my data.”
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Total Reviews 480,450

Time Range 2011-2025

Unique Apps 67

App Types 64.8% Patient Portal, 35.2% Telehealth

Top 3 Apps MyChart (19.4%), FollowMyHealth (14.7%),

healow (9.8%)

Mean Word Count 16.49
Median Word Count 10

Star Ratings 5 stars: 65.4%, 4 stars: 9.6%, 3 stars: 4.3%,

2 stars: 4.0%, 1 star: 16.7%

Sentiment Labels competence: 44.3%, reliability: 27.5%,
data control: 13.5%, data quality: 9.7%,

support: 2.2%, risk: 1.4%, ethicality: 1.3%
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Model Performance Before and After Back Translation Augmentation
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