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| hope you can provide a motion sequence about how a certain
word is expressed in German Sign Language (GSL). Keep in
mind that | want to break down the process of expressing the
word into a sequence of actions in chronological order. So each
element in the sequence is a short action phrase without the need
to be complete sentences. Just focus on the movements of the
hands and head. If there are movements in both the hands and
the head simultaneously, please describe at the same time. For
example, you could give the action description of the word
'WETTER’ in German Sign Language in the format of 'The
sequence of how to express WETTER in German sign language
is as follows. 1. XXX 2. XXX 3. XXX 4. XXX’ with no other words
(For example, do not add a note to the last line). Here is the word:
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