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Algorithm 1 F B 47445543
Input: 354 goal, W% obs
Output: T HFp# T

1. T-HAR =goal

2 WA A (5 H A7)

3: while evaluate(Tree.allLeafNode) is not map-

> Initialize subgoal tree

pable do
THAR = 70 (1 HA5,00s)

> Decompose current subgoal

>

5. if evaluate(subgoal) is mappable then

6: AT (T H AR 3hiE)

> Erecute after successfully decomposed
7 if allNeighbourComplete(subgoal) then
8: THIF = THAR L. T—4

> Return to parent subgoal after complete
9: else
10: FHW = FHR F—1

> Mowve on to next subgoal

11: end if
12 else

13: THIR = 7HAR I
> Replan parent node when error occurs
14:  end if

15: end while
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