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# 1 BRI ESF RS .

geitk . KIHIES -
g fi IRy
Queries 67,450,702 20,0000 31,792
Avg. chars 7.63 5.00 8.36
Total Labels 1,605 1,605 1,605
Avg. # of labels 1.04 1.67 1.91
Min. # of labels 1 1 1
Max. # of labels 7 3 16
% 20 TS RS
giilk . RIS s
s i WA
Queries 113,686,150 20,0000 33,960
Avg. chars 8.50 6.53 6.02
Total Labels 6,634 6,634 6,634
Avg. # of labels 1.52 2.05 5.33
Min. # of labels 1 1 1
Max. # of labels 16 13 20
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! (DG V3 /MY V3
R PHC F1 | R5% MMZ F1 | R9E BIC F1 | R%E M FI
XML-CNN |[78.66 32.09 45.58|50.33 20.76 27.24 |86.95 24.60 38.34|40.50 15.44 20.16
LEAM 76.22 37.21 50.01|55.11 25.72 32.40]76.79 26.68 39.60|39.40 17.19 21.31
LSAN 76.46 3496 47.98|54.47 25.12 31.71|86.39 23.66 37.15|44.69 17.79 22.84
DPHA 77.22 3691 49.94|55.09 25.74 32.5387.29 22.49 35.76|36.08 13.11 17.26
MMAN  79.26 38.96 52.24|56.27 26.32 33.36|82.05 32.57 46.63|57.41 28.26 34.68
HCL4QC |74.28 40.25 52.21|54.13 31.33 37.94|79.39 33.02 46.64 |54.03 30.17 36.11
SMGCN | 75.83 4991 59.72|63.18 43.90 48.54|82.51 40.05 53.92|55.83 35.62 40.15
HQC 75.02 37.03 49.58|50.28 30.87 36.77 |80.87 31.03 44.85|54.73 28.74 33.98
biS S 74.89 52.62 61.81|62.74 4591 49.46 |80.74 43.40 56.45|54.98 36.02 41.22
w/o. SE-S |73.49 50.92 60.16|59.49 41.32 45.21]79.92 41.31 54.47|54.36 34.34 39.72
w/o. SE-C |74.03 51.19 60.5359.92 40.21 44.92|79.17 4091 53.94|54.12 34.92 39.24
w/o. SE-H [74.32 52.02 61.20|60.33 44.02 47.29|79.32 41.88 54.82|54.43 35.13 39.95
w/o. SE  |76.88 48.28 59.31|56.88 37.58 43.30|81.44 38.92 52.67|55.42 34.39 38.52
w/o. KE 7491 49.12 5933|5691 42.12 45.82|81.83 39.12 52.93|55.88 35.43 39.24
w/o. LE&KE | 77.03 45.05 56.85|55.49 32.21 42.36(82.02 35.35 49.41|56.02 30.51 36.47
BERT 81.28 37.59 51.41(51.63 29.97 36.84|82.83 31.99 46.15|56.72 27.80 33.80
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SSUF | +3.14 +2.72 +1.35 +4.49
w/o. SE-S | +3.07 +2.38 +0.90 +3.97
w/o. SE-C | +2.43 +2.27 +1.51 +3.94
w/o. SE-H | +2.72 +2.34 +1.13  +3.86
w/o. SE | +2.51 +2.38 +1.02  +3.53
w/o. KE | +2.67 +2.34 +0.95 +3.61
w/o. LE | +2.93 +247 +1.24 +4.17
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