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S| R fiti ik
Ju# # | Callable or None | Function to load the model; defaults to SentenceTransformer if None.
L | str Name of the model, ideally in the format “organization/model_name”.
% ¥4 & | int or None Number of parameters in the model, e.g., 7_000_000.
WHE#E & mb | float or None Memory usage of the model in MB.
& AAriE20 | int or None Maximum tokens the model can handle.
JNHEE | int Dimension of embeddings produced.
13T | str or None Model revision identifier.
KA HH | str Date the revision was released.
Y | str License under which the model is released.
FEHALE | bool Whether model weights are open source.
AN 2R | str or None URL to training code if publicly available.
ANFEI Z 32 | str or None URL to training data if publicly available.
MM B L | str Distance metric used by the model.
FEZE | list of str List of frameworks used, e.g., [” & FZ # 2", "PyTorch”].
%% | str URL to the model’s page (e.g., HuggingFace).
EE | list of str Languages supported, e.g., [ Z&-fr T 7).
1 3t 8 | bool Whether the model uses instruction-based formatting.
4 HEE | dict Datasets used in training, e.g., {" &IEH7": [ WR"]}-
%4 B | str or None Base model this one was adapted from.
WEH | str or None Model that supersedes this one.
X X %% % | bool Whether the model functions as a cross-encoder.
A | list of str Modalities supported, default is [” >CA].
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B. HrEs
Figure 35878 7R BT R MTEB #7145 -

C. BRIHFEATESY

KT FREA R KT HEAE BT -

o FHBEREAE LAY R https://github.com/
embeddings-benchmark /mteb/discussions/
2351

o A DN W A AR 1 BBt DA K HEAT A B F
FE A L B4 ) oF g€ ¢ https://github.com/
embeddings-benchmark/mteb/discussions/
2119

D. FBURERILS
ST I AR A B RS T 6 TS
5 PR R BLIRR

L HRABZIAT DA RIZE (5. bge #iZ) :https:
//github.com/embeddings-benchmark /mteb/
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issues/1912

- FEA AT AL S5 J2 M 5 (Nomic #2) :https:
//github.com/embeddings-benchmark /mteb/
pull/1685

- R A AR R RT DAL A R SORY RS R R
(E5-mistral(Wang et al., 2023)) 8 & UL
N (Nvembed) : https://github.com/
embeddings-benchmark /mteb/pull /1436

KR AOR B YE AL ik A (Nomic  Mod-
ernBERT) : https://github.com/
embeddings-benchmark /mteb/pull /1684

- AR G i A P AT AR B E XZHL (jina-
v3(Sturua et al., 2024) £ 4 K& SHAEHE
PR AR P #k LoRAs) @ https://github.com/
embeddings-benchmark/mteb/pull /1319

- RERLET DA RAT FAN Y B Be (CDE(Morris &
Rush, 2024) HA ARG 14 4 By BELAFEA# R A ) -
https://github.com/embeddings-benchmark/
mteb/pull /2076
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5 Spaces -~ mteb/leaderboard T ®like 555k e Runningon CPU UPGRADE = Logs # App " Files @ Community EB) Settings

Select Benchmark < Embedding Leaderboard

This leaderboard compares 100+ text and image embedding models across 1800+ languages. We refer to the publication of each selectable benchmark for details on

Multi. al metrics, languages, tasks, and task types. Anyone is welcome to add a model, add benchmarks, help us improve zero-shot annotations or propose other changes to the
guag: yp ¥ ) [
leaderhoard @ Also, check out MTEB Arena &
EE English
Inage Benchnarks MTEB(Multilingual, v2)
o -
</ Inage-Text, Multilingual A large-scale multilingual expansion of MTEB, driven Performance per Model Size  Performance per Task Type (Radar Chart)
mainly by highly-curated community contributions -
& Inage-Text, English covering 256+ languages .
© Number of languages: 1838 o Max Tokens
ad Image-Text, Lite . | 100K
© Crier o Cxlos T 70 multilingual-e5-large-instrGeitLM-78
© Number of task types: 9 —Y
]
% Inage only © Number of domains: 20 60 3
al
Domain-Specific Benchmarks Click for More Info ~ 50 ﬂ' A
< 10K
@ all-MiniLM-Le-v2 @
# code Cite this benchmark: « E 4
C e : @
1l Legal 5 1 2]
con Share this benchmark: « £ 30 °
0 wedsear 1K
1) Medica
20
& Chemical 10 Y
Regional Benchmarks o 100
- m™m 2 5 10M 2 5 100M 2 5 1B 2 5 10B 2 5 1008
European
Number of Parameters
i Indic We only display models that have been run on all tasks in the benchmark
Scandinavian
Customize this Benchmark <«
Language-specific Benchmarks
Advanced Model Filters «
[l chinese
Summary  Performance per task  Task information
== German —
Il French filten T
Rank (Bo.. Model Zero-shot  Memory U. MNumber of P.. Embedding D. Max Tokens Mean (T.. Mean (TaskT. Bitext .. Classification
® Japanese
'@, Korean . :
2 Ling-Embed-Mistral 13563 78 4096 32768 61.47 54.14 70.34 62.24
m Polish 3 gte-Quen2-7B-instruct 29040 78 3584 32768 62.51 55.93 73.92 61.55
large-
== Russian 4 1068 5601 1024 514 63.22 55.08 64.94
instruct -
== Farsi (BETA) 5 SFR-Embedding-Mistral 13563 78 4096 32768 60,90 53.92 70.00 60.62
Miscellaneous 6 GLItLN-78 13813 78 4096 409 60.92 53.74 70.53 61.83
text-nultilingual - l
BEIR 7 Zas aLie Unknown Unknown 768 2048 62.16 54.25 70.73 64.64
embedding-002
BEIR-NL 8 GIitLN-8x78 89079 578 4096 409 60.49 53.31 68.17 61.55
NanoBEIR 9 e5-nistral-7b-instruct 13563 78 4096 32768 60.25 53.08 70.58 60.31
Cohere-embed-multilingual -
BRIGHT 10 s Unknown  Unknoun 1024 Unknown 61.12 53.23 70.50 62.95
v3.
BRIGHT (long)
Download Table
BuiltBench (eng)
What do aggregate measures (Rank(Borda), Mean(Task), etc.) mean? «
Code Information Retrieval
What does zero-shot mean? «
Instruction Following
Long-context Retrieval What do the other columns mean? <
MINERSBitextMining Why is a model missing or not showing up? «
Reasoning retrieval Acknowledgment
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Looking for the previous MTEB leaderboard? We have made it available here but it will no longer be updated.

Figure 3. MTEB HM P17 — TP AR A S ER &, HEBUARE N Z1ES (MMTEB, (Enevoldsen et al., 2025)).
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