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Method \ Avg T5 T9 Ti6 TI7 Avg T5 T9 Ti6 TI7 Avg T5 T9 T16 T17 Avg  T10
Gato 57.0 445 140 43.0 15 53.9 46.0 105 420 1.0 45.6 360 17.0 415 0.0 135 0.0
Flamingo 472 410 3.0 380 20 471 430 45 400 1.0 421 365 6.0 455 0.5 1.1 0.0
GPT 479 450 80 330 1.0 474 430 105 340 3.0 426 320 50 375 0.0 121 05
VIMA 87.2 650 135 880 77.0 87.0 61.0 125 875 775 84.0 63.0 120 585 78.0 49.6 0.0
iSO | 905 783 65 96.0  86.0 909 782 615 930 843 934 840 709 882 87.0 648 121
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(1]
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(3]
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(8]

1%
Task | o TIO  T11 | Overall
Our Method ‘ 20.1% 63.4% 10.0% 36.2%
w/o task tuning | 14.5%  38.9 % 6% 26.7%
w/o future state | 12.4% 23.9%  4.7% 22.3%
w/o multi-turn 16.1% 299 % 3.5% 24.3%
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