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Accuracy Precision Recall Fl-score‘ Dice IoU

Ours 99.93% 85.74% 95.35% 85.53% [0.8553 0.8170
3D U-Net 99.93% 85.74% 95.35% 85.53% |0.8553 0.8170
U-Net++ 99.94% 82.89% 74.25% 73.76% |0.7376 0.6208
Att U-Net 99.98% 91.22% 92.84% 90.76% |0.9076 0.8515
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7 20 B A) RV RE R HURE

correct typel typell typel/correct typell/correct

Ours 15.2 0.03 1.62 20x107° 0 .106
3D U-Net 13.7 0.006 3.18 4.4x10"* 0.232
U-Net++ 13.6 3.3 1.97 0.24 0.145
Att U-Net 14.3 0.006 2.56 4.2 x 10~* 0.179

% 3: MM S KR MR E] (78 NVIDIA A800 80 GB Tensor Core GPU
iEfy)

Params Inference time(s)

Ours 90.4M 0.054
3D U-Net 90.3M 0.039
U-Net++ 104.8M 0.152
Att U-Net 91.4M 0.068
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