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Message  Stay Left  Right Up  Down

0 3147% 1698% 19.21% 13.54% 18.80%
1 33.95% 22.86% 14.76% 4.53%  23.90%
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Message Stay Left Right Up Down

0 13.04% 21.61% 38.08% 22.83% 4.44%
1 13.81% 24.55% 29.18% 24.75% 7.71%
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Condition Success Rate  Average Steps
With Messages 89.4% 4.39
Messages Ablated (Set to 0) 88.6% 4.43
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Condition Success Rate

With Messages 31.89%
Messages Ablated (Set to 0) 30.26%
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Setting  Model Success Rate
10 x 10 Baseline 0%

10 x 10 Learned Direct Communication 30.8%

10 x 10  Intention Communication 99.9%

15 x 15 Baseline 0%

15 x 15 Learned Direct Communication 12.2%

15 x 15 Intention Communication 96.5%
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Message Range Message Count  Converged

0-1 1 Yes
0-1 2 No
0-1 4 No
0-4 1 No
0-4 2 No
0-9 1 No
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